b

AR AR TR B RGN AN SRR 0 R o RS AR D] T A HLRL Y 582, 2015,9(1) : 112-118.

ISSN 1673-9418 CODEN JKYTAS8

Journal of Frontiers of Computer Science and Technology
1673-9418/2015/09(01)-0112-07

doi: 10.3778/.issn.1673-9418.1406021

E-mail: fest@vip.163.com
http://www.ceaj.org
Tel: +86-10-89056056

JPAa LR GE A0 T 5 P JEE 1“2 Al RDRE B

REM AR
. EREIKRF HFE5%TF%, TR 400054
DATHEIKRY SZEBEERRLLS ALK FRELLET, H 7 210094

Rough Set Based on Logical Disjunct Operation of Variable Precision and Grade
in Ordered Information System’

YU Jianhang', XU Weihua"*'

1. School of Mathematics and Statistics, Chongqing University of Technology, Chongqing 400054, China

2. Key Laboratory of Intelligent Perception and Systems for High-Dimensional Information, Ministry of Education,
Nanjing University of Science and Technology, Nanjing 210094, China

+ Corresponding author: E-mail: chcuwh@gmail.com

YU Jianhang, XU Weihua. Rough set based on logical disjunct operation of variable precision and grade in

ordered information system. Journal of Frontiers of Computer Science and Technology, 2015, 9(1): 112-118.

Abstract: Variable precision rough set model and grade rough set model are two important expanding rough set
models. Precision and grade relate to the relative and absolute quantitative information in approximate space respec-
tively. To integrate relative quantitative information and absolute quantitative information and make rough set possess
the stronger data processing ability and wider application fields, this paper proposes the model of rough set based on
logical disjunct operation of variable precision and grade in ordered information system. This paper also discusses
the basic structure and accurate description of a rough set respectively, and investigates some important properties of

the model carefully. Furthermore, this paper analyzes a specific case study about the student achievement, discusses
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the significance of study on logical disjunct operation of variable precision and grade rough set models, and provides

more abundant theoretical basis for knowledge discovery in ordered information systems.

Key words: variable precision rough set; grade rough set; ordered information system; logical disjunct operation
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Table 3 Distribution of dominant classes
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